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Safety Fine-Tuning Hurts Zero-Shot Generalization

SafeR-CLIP: Proximity-Aware Safety Alignment

Closest-safe redirection: Align unsafe concepts to their nearest
safe neighbors.

Severe ZS performance drop: Existing CLIP safety fine-tuning
methods reduce zero-shot accuracy by up to 22%.
with minimal

Geometry-preserving: Enforces

representational change.

Rigid redirection: Unsafe concepts are forced toward a single safety

predefined safe target, ignoring semantic context.

Representation damage: This rigid alignment distorts pre-trained
embedding geometry, causing unnecessary representational shift.

Motivation: Multiple Valid Safe Alternatives

Safe-CLIP «/ Good Safety x Poor Generalization

NSFWCaps Dataset : A highly aligned benchmark for robust safety

evaluation.

SafeR-CLIP \/ Good Safety \/ Good Generalization
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Quantitative Results
Method ViSU NSFWCaps ero-Shot
T >V V—-T T -V V*—=T T >V VT TS -V V*—>T NEEEE
CLIP 36.8 399 2.8 5.5 69.6 73.4 3.8 7.9 74.3
DataComp-1B 46.7 47.0 1.6 5:0) 79.0 80.3 2.8 12.9 —
CLIPT 54.5 54.9 2.0 6.6 78.9 79.1 4.6 13.1 67.3
Safe-CLIP 49.1 48.8 14.5 23.8 76.6 76.7 354 47.1 522
Ours 52.0 (+2.9%) 51.5 (+2.7%) 27.9 (+13.4%) 24.6 (+0.8%) | 81.8 (+5.2%) 78.1 (+1.4%) 79.5 (+44.1%) 72.3 (+25.2%) | 60.2 (+8.0%)
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NSFW URLs NudeNet SMID [NSFW URLs NudeNet SMID S‘éﬁé‘? ;71-411 - Model NSFW % Tox.|NSEW % Tox.|NSFW % Tox.
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CLIP 91.6 94.1  96.3 98.8 99.6 97.0  4+Safe-CLIP 16.1  16.0 (+0.1%)

DataComp-1B 82.1 87.0 87.6 89.4 89.5 935 LLAavVA 55 362| 564 245| 242 >.4

CLIP? 91.1 937 883 | 957 97.0 87.6  *SLD-Weak  23.7 139(+9.8%) cppt 66.8 292| 524 222| 170 45
+SLD-Medium 174 12.8 (+4.6%) Safe-CLIP 315 16.4 279 13.6 g 2 41

Safe-CLIP 21.1 13.0 142 41.1 43.1 266  4+SLD-Strong  12.1  12.0 (+0.1%) +oale- - - - - - -

Ours 18.5 107 3.1 37.2 270 169  +Neg-Prompt 123 119 (+0.4%) +Ours 254 124 276 11.0) 7.7 3.6




